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Input Tensor

Prediction Tensor

OpticNet-71

[NyN2N3Ng] = [4 43 3]

Ng is the number of Residual
Units stacked at Stage S

(c) Proposed CNN Architecture ]
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Layer Name ResNet50 V1 [28] OpticNet71 [Ours]

Conv 7 X 7 [64] x 1 [64] x 1
Stagel: Res Conv [64,64,256] x 1 [64, 64, 256] x 1
Stagel: Res Unil [64, 64, 256] x 2 (32,32, 32, 256] x 4

Stage2: Res Conv [128,128,512
Stage2: Res Unit [128,128,512

x 1 [128,128,512] x 1

x 3
Stage3: Res Conv 256,256, 1024] x 1

X 5

x 1

X2

[64,64,64,512] x 4
[256, 256, 1024] % 1
[128, 128, 128, 1024] % 3
[512,512, 2048] 1
56, 256, 256, 2048] x :
256, 256, 256, 2048 3

Stage3: Res Unit 256, 256, 1024
Staged: Res Conv 512,512, 2048
Staged: Res Unit 512,512, 2048

Global Avg Pool 2048 2048
Dense Layer | K (Classes) 256
Dense Layer 2 - K (Classes)

Parameters 25.64 Million 12.50 Million

Required FLOPs 3.8 x 107 2.5 x 107

CNN Memory 98.20 MB 48.80 MB
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[ (b) Proposed Building Block ]
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